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Program evaluation

An assessment whether the program achieves its goal

Immediate goal Ultimate goal

Health: Higher rate of vaccinated Lower rate of transmission,
COVID-19 vaccination population severe illnesses
Education: Higher enrollment rate to higher

Better employment outcomes
conditional cash transfer education

Source: Dr. Nada Wasi
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Common approaches to program evaluation

® Randomized Controlled Trial (RCT) focus of this workshop

® Observed data which mimic an experiment

®* Model the mechanism, behavior and simulate the impact of intervention

Source: Dr. Nada Wasi
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Common approaches to program evaluation

® Randomized Controlled Trial (RCT) focus of this workshop

Cases possible for RCT when ...
— evaluation is planed alongside the intervention,
— process can be monitored,

— outcomes can be measured.

Source: Dr. Nada Wasi
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Cases we cannot use RCT

® Unethical: intervention mentally or physically harmful to participants
® Programs had already happened, e.g. minimum wage jump in April 2012
® Qutcome is very long run, e.g. pension reform

® Macro policies — nation-wide policy, e.g. increasing interest rate

Source: Dr. Nada Wasi
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Key steps in the RCT program evaluation

CONCEPTUALIZING IMPLEMENTING ASSESSING
=3
Assessment Design activities outcomes
Why do we - ldentify What the program Tangible Short-term Initial Goal Ultimate Goal
need an target does products or behavioral 1-2 years 2+ years
intervention? group - deliver, teach, services changes
- What is the - Specify offer loans, etc.
problem? goals - Food
- Possible Resources used delivered,
solutione - funds, staff, - Staff
equipment, showed up
curriculum, all
materials

Source: Abdul Jameel Poverty Action Lab
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ldentifying SMART Indicators

Specific — Can describe the concept you want to
measure concretely

Measurable — Quantifiable, accurate, unbiased,
sensitive

Achievable — Are the indicators realistic?e

Relevant — Are the indicators most relevant 1o the
needs?¢

‘ Time-bound — Measured within a certain period of time

Source: Abdul Jameel Poverty Action Lab
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Basic vocabulary for impact evaluation

Causal inference / causality - Aadumaluna
* lumsuszifiunalasinis “anudumnduna” danuvanesannildluiiausydfunld
o it “Arundumnduna e
dawrannsanala?n Auvasuuasiimdunasiy Ms1inld 1Anoinlasinisveusuies
oehaFeanrniy Ingludtesuduln 9 Aamaneninudeuutai
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151RLIANAVDILATINS LAE9ls

NaYa9lATINIG (impact) A ANULANAINTENING

124

* FeMANTUTZ (what actually happened) was

* F991U1ANIU (Wwhat would have happened) a1liiilasanst wseNEEnn

counterfactual
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Counterfactual

* Counterfactual fia an1unisailulandnlufditinsiulasinisaglaussau Welulanduladlag
1asan1s (Manede Wetnsiulasenishilawilasinisiues)

* Uunn: Counterfactual lallaiAntuass 1s3sliansadiutule

® 91149890 LS1LADY “LAYULUY (Mimic)” 1398519 counterfactual ¥ ‘L!ll”] 6LmUunamﬂ*saumau
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n1saenNaNUSEUgU

* |dea: WoNNFULUTE UG UNWLTRUAUNAURLUNTINATINTYNUTENS
gnUieNagfgIRenaliUseuaulilmdTIulaTinig

o 9 x

* Goal: tiia9za1N13UDNLAIIAULANAIITENINNENTL outcome Msaula 11aNNTsia

WAsaN1s (Lazlulyunanntagedy)

® T AMNINNTUTEIUNALATINTIWUBYNUAMNINYBINSLEBNUTONTATNNGY
WIsueulvldsunuy counterfactual loauasa
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Impact evaluation methods

Yes

Did investigator assign random

exposure?

No

Randomized

evaluations

©Suparee Boonmanunt

RCT workshop |

Non- or Quasi-

Experimental

methods
Pre-post Multiple regression
Simple difference Statistical matching

Difference-in-Differences interrupted time series

Instrumental variables
Regression discontinuity
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Randomized Evaluation - How to carry out?

® Suppose we evaluate the learning recovery

program using randomized evaluation.
® Take a sample of program applicants.

® Then randomly assign them to either:
— Treatment group receives the program.

— Control group is not allowed to receive the

program (during the evaluation period).

©Suparee Boonmanunt RCT workshop |

Total
Population

| |
Not in Evaluation

sample sample

Control Treatment
group group
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Randomized Evaluation - Why randomize?

If properly designed and

Intervention i
[ ]

.

i fm li\ conducted, randomized

’F rn1 experiments can generate

two groups that do not

Population divided into two The outcome of the differ systematically.

groups randomly group was measured.

=> provide a credible

Control

— method to estimate the

impact of a program
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Randomized Evaluation - Importance of Sample Size

® Theoretically, random assiecnment should produce two groups that are equivalent or

similar but with large enough sample size.

® Law of large numbers: As we increase the numbers of experiments, the observed

value and the expected value converge.
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Key advantage of randomized experiment

® If properly designed and conducted, two groups do not differ systematically at the
outset of the experiment on characteristics that are observable (e.g., age, gender,

income, test score) or unobservable (e.g., motivation, toughness, optimism).

® Any difference that subsequently arises between them can be attributed to the

program rather than to other factors.
® With baseline data, we should always check as much as we can whether the
randomization works. el et

— Balance test: compare characteristics of participants in treatment and control groups before
the program starts.
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n1sUseiliunalasimsiuynisieusvestinseuly a.aynsans

a =

* Ugyun: dniseulu a.aymsanns lnsuransznuannsdaseuludinisssuinvesdsalaio

19 auibiianisiseuionney lag 9.aynaias [uiunnin1sUaseugiuunga
Uszinelne

®* |ntervention Iﬂmﬂaﬁ%‘lﬁqL%ﬁuamﬁ?\lﬁzjﬁuﬁiam

— VANFRTBUTULINBWAIUIAUTIALAINAINNTVBIAT UMY Blended Learning, Active leamning, 113
Idwalulagansaumanaznsaeaisiioativayunisseus

— atvayualvedmnsudadeiugiuvengiaztinisey wag intemet package

— FoRANALUU Micro Learning @eliilavdqdsunisonuileun ALAAIEAST Lagn1SWaILUNTINYEAIU
p1suluardIny dnsuag HUNATOIMTEMILNUYNYY LazHisaunguiinang
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n1sUseiliunalasimsiuynisieusvestinseuly a.aynsans

? lasamsurinisiseusvesinteuly a.aynsanas d impact ozlsspiauINITAIUNNSREUS
YBIUNLIYY

— 1As9n157 rwlrinseulasuganisseus luaw wagluanusuinduvsely

— 1A59n157 TwnseRulingannissunsaoulidaun munTuvsal
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What to measure?

AsLWUADU math, thai
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Data sources

©Suparee Boonmanunt

administrative data

survey

Itest

Isurvey

4 ™
us. 1@ learning box

TAsansiuy 9

Gulasins

RCT workshop |

AFaDuULUL blended
learning, active
learning

uyy stalling dmiunmsaune
VDG

uuy micro learning
uazluaw luanwg

administrative data from the
system

.
WUA uavaaing
b GV P e HE T

Faujuain

survey
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Measuring a concept

Qutcome

Indicators

II

Data 7 Indicator Outcome
Data Collection (Test Result) (IQ Test) (Intelligence)

(“Response”)
AL

SR
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Measuring a concept

OQutcome

|

Indicators

‘ Data Indicator Qutcome
Data Collection (Test Result) (Cortisol level) (Stress)

(“Response”) %
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Measuring a concept

OQutcome

Indicators

Data Collection
(“Response’)

(Stress score  (Stress score
results) from
questionnaire)

Source: Abdul Jameel Poverty Action Lab
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The goals of measurement

® Validity / unbiased

Estimate @
Truth

Accuracy

® Accuracy / precision /

Precision

reliability

Source: Abdul Jameel Poverty Action I‘Sb
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The goals of measurement

Qutcome

How well does the indicator map to the outcome?

I | I

valiaity (e.g., 1Q tests > intelligence?)
Indicators
. The measure is consistent and precise vs. “noisy”
Reliabiity : ) :
(e.g., cortisol level vs. stress score from questionnaire)

Data Collection
(“Response™)

©Suparee Boonmanunt RCT workshop |
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Data sources — Administrative data

® Evaluate whether the data will be suitable for answering our research questions.
— Do the data really exist?
— Have the data been consistently collected?
— Does the data set cover our population/outcomes of interest?
— Are the data reliable and unlikely to have been manipulated?
® Limitations:
— Basic data that cover the target population may not be sufficient.

— More detailed data are collected only on a random sample of individuals.
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Data sources — Own data collection

® In case the required data do not exist or are not reliable or the sample size is not
sufficient.

® To create a data set with relevant outcomes for our research questions.
® Requires planning in budget, resources and logistics
®* Many trade-offs in deciding what data to collect and when

® Surveys: what to ask, whom, how often (e.g., household expenditure)

Nonsurvey instruments

— e.g,, tests, direct observation, decision experiments, vignettes, biomarkers, mechanical tracking
devices

— to quantify difficult-to-measure outcomes

— relatively expensive compared to surveys
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Should we conduct a baseline survey?

Worthwhile for
® Limited sample size: use baseline data in the analysis to increase statistical power

® Individual-specific outcomes (e.g., cognitive abilities, test scores, beliefs):
— highly correlated over time for a given individual
— With baseline data, a lot of variance between individual can be explained.
® Balance between treatment and control groups:
— to confirm that randomization was carried out and worked
— Baseline data are required for stratified randomization.
® subgroup analysis and baseline controls:
— Subgroup, e.g., by test scores at baseline or income

— to investigate the effect of a policy on different group of people
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Conclusion

- Mapping components of program evaluation (inputs, outputs, outcomes,

impacts) cuides measurement.
- Indicators need to accurately measure.
- Data collection all about trade-offs:
— Quality and cost
— Validity (accuracy) and reliability (precision)

- Survey / nonsurvey instruments as an option
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Thank youl!

Questions?
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